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(Chalkidis et al., 2020)

M2 YNINNT D710 TN Bl Q7IVT NOW 7TIN NNNNN
(002 NI WTN NOW 717N |IN'N N NJIWNAN .0DT
DOOWN NN DN NIND NIN DN'7V VTN NNITNY
domain) "DINN NNNND” NN7IN , NMIWN AT 17
77N 7Y NIN0J,((2018) Devlin et al. IN1 ,adaptation
N70NNN T Nm M win pm D7IVT7 IMNNNNI o7
,(HeBERT NN1IT) 772 DION7 7V |NINN NOY 7TIN N'NN
nARm M YvTinn |IN'R NNty 7Y NI2dWNN |77HVJ
0N NOY 72 7Y NINDNNININNT .0"0oOwNN VTNN
NN NI NAI0 NIIND aNY 7TTIN XN WTNN |INN TIV2
7an) N1 2N 071y2 07NN YN NNENOOWNN nown
NJNY NOWA 07N NIN ¢ DY7NN “7271Ia0" N7
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NIYNINIYIND 'N'T7 NNV NOW 77N WIN'Y :N N90)
11N N9Y1

D N1 11NN M2V D'DOWN 79NN JN0N 7V NI NIWINA NN YNAT [N TD 1101 MNNN W N 77N
NN INWT MW A7 W .1 NI NNAITA VIOIND “text” NN17) NNT MY NTINVN DI “data.csv 8172 0770 yaij7
INAIN7 N11LJIN1O NOWA NI N 7192 NINYIN TIi7 “CSV UTF-8” DNIO Y2I7N NN WINWT W ,csv YaIi7a NN

DT ANIND DINYND D770 YAI7E NN T7 1 012 ND1TNA NN MM NIIM 792 IN 2Jupyter NANN N

NM'7 0777 NNAIT 1IN

A B C
1| rowNum | CommentName text
2|1 Gilad "NINK72 |71'[‘ﬂ7 NImnon nij”
3|2 Mika "TINN |I0'N NJN2 Niadon”
413 Sarit 21917 NINXIT MIXA 10NWN MINTIAN AXNN”

NINNNI 1 TI7 VO N7 Y270 NN NN77NIATIN NINODN NN NTNN [IVOT W', T 1IN Y170 TIN NNI7 NN 7Y
D07 TN NN

|M277 Y2I7I NINOD NWO :1 Tij7

## Required installations (run only once)
!pip install transformers

## Upload libraries
import pandas as pd
from transformers import pipeline

## Read file
input path=‘data.csv’
df=pd.read csv (input path)

;DY MWITY NIT7ID NININ 72 TN NN (3 T17) DIINN NN T7) RNZINNA NN NN YANT 7213 NN 1782
.079 Y277 ININA TN (3)-1, TON NI 797 WD IN NINNN AW (2),(NIWIT IN IINNY JN2T7 77NN 1O (1)
JTNINNA JINOAN NNE(7I01 179w A1) NWINDN 1237 VTN 017901, NNNNNA 3-1 2 DN DVOIN 0797 XAl
VTN 790 DIYINNA Y217 ,NNITNN 1INT .0TWI [IN0N NNE((LABEL_2] D7 N7 IN [LABEL_1] D7) wain 1237 |
NNNW T DINTN 79N JNNND ITNE,0VI 7w DINTN 7N NN DOWNNK NINYT N . TA72 V21 NNNY NWINN 7Y

https://jupyter.org/ 9
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# Load sentiment pipeline
sentiment cls=pipeline (
‘sentiment-analysis~’,
model=’avichr/heBERT sentiment analysis’,
tokenizer=’avichr/heBERT sentiment analysis-’,
device=0) #run on GPU (if there is no GPU
#installed on your machine, change to ‘device = -17)

# Add sentiment score
df = df.join(

pd.DataFrame ([sentiment cls(df[/text ] [i]) [0] for i in range (len(df))]) .
rename (columns={‘label’: label’, score’:'confidence’}))

df.to _csv(’data polarity analysis.csv’, encoding=‘utf-8-sig’)

NIYINN NN’ 079 :2 N

A B C D E
1 | rowNum | CommentName text label confidence
21 Gilad "NING7A 7ATNT NITNON NI | negative 0.9999
3|2 Mika "TINN |I0'N NINA NI1D0N” | negative 0.9373
413 Sarit "2191T INXI' MIXA NONIWN MINTIN 2¥NN” | positive 0.9996

NIWI NN :3 Tij7

# Compute each emotion separately
emotions = [‘anticipation’, ‘joy’, ‘trust’, ’fear’,
‘surprise’, ‘anger’, ‘sadness’, ‘disgust’]

for emotion in emotions:
# Load emotions pipeline
sentiment cls=pipeline (
‘sentiment-analysis’,
model=’avichr/hebEMO ‘’ + emotion,
tokenizer=‘avichr/heBERT,
device=0) #run on GPU (if there is no GPU
#installed on your machine, change to ‘device = -1’)

# Add emotions score

df = df.join(

pd.DataFrame ([sentiment cls(df[’/text’][i]) [0] for 1 in range(len(df))]).
rename (columns = {’label’:emotion, ‘score’:emotion+’ confidence’}))

# Save to file
df.to csv(’data _emotions analysis.csv’, encoding=‘utf-8-sig’)

NILIN NIND 7Y 770 079 :3 N

A B C D E F G
1| rowNum | CommentName text joy joy-confidence anger | anger_confidence
2 1 Gilad "NINI7 72TN7 NITNON NiJA” | LABEL_O 0.9999 | LABEL_1 0.9997
3 2 Mika "MNN |10'N NIN2 NIXJ0N” | LABEL_O 0.9999 | LABEL_O 0.9991
4 3 Sarit "?191T NINXI' MIN2 19NN MINTIN ANNN" | LABEL_1 0.9374 | LABEL_O 0.9999
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